TEST KITCHEN DEEP DIVE

on Enterp
How Cicero Fixes It

A practical guide to how Cicero uses a retrieval loop to keep
enterprise content current, precise, and defensible.
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Introduction

Most Al search holds up fine in a demo. It
answers confidently, cites a few documents,
and gives a useful answer to a well-shaped
question. The problems show up later, when you
put that same LLM on real enterprise content:
versioned SOPs, near-duplicate product names,
legacy procedures that never quite died, and
long troubleshooting articles where the one
paragraph that matters is buried halfway down.

The introduction to this Test Kitchen piece
focused on the quiet failures and their business
impact. This Deep Dive picks up where that piece
left off. It looks at why those failures happen in
the retrieval layer and what it takes to fix them.

This matters because most organizations

do not fail with Al search in dramatic ways.
They fail quietly. An answer looks polished,
sounds plausible, but sends users to the wrong
procedure, the wrong model, or the wrong next
step. That is when trust erodes, work slows
down, and teams start creating workarounds
outside the system.

Cicero was designed for that reality. The
question was never just whether Al could answer
a question based on content. The question was
whether it could stay reliable when the content

is messy, versioned, ambiguous, and high-stakes.

The hard part is not getting Al to provide answer.
The hard part is getting Al to understand how your
organization’s knowledge actually works.
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Why enterprise content
breaks generic Al search

Most of the early momentum in retrieval-
augmented generation came from clean
benchmarks and tidy bodies of text.

In general, users value Al for broad recall and
general relevance. However, in an enterprise
context, users cannot trust systems that flatten
everything into a succinct answer that ignores
authority and version signals, or treats “almost
right” as good enough.

In a demo, generic Al may seem AOK, but the

gap always shows up in production. In enterprise
environments, content is rarely clean or singular.
Procedures evolve. Old versions linger. Product
lines create near-twin naming collisions. The answer
a user needs may exist, but only inside a long
article where the relevant paragraph is easy to bury
and hard to promote.

£

What looks like one search problem is often
several different retrieval problems hiding under
the same interface. One content type might need
stronger authority handling. Another might need
better model disambiguation. Another might need
chunking and reranking that can surface a specific
paragraph instead of a generally related page.

That is why the same Al search can perform well in
one environment and break in another. The issue
is not only finding an answer. It is whether the

Al understands the shape and complexity of the
knowledge with which it is working.

Three patterns
generic Al misses in
enterprise content

e Version drift
e Near-twin ambiguity

e Buried fixes in long-form
documentation
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The shift from single-pass

RAG to a retrieval loop

Cicero’s
difference is
retrieval loop
that can reco
from its own
misses.

A standard RAG (Retrieval-Augmented Generation)
pipeline is straightforward. It retrieves a set of
chunks, passes them into a prompt, and asks the
model to answer. That pattern works well enough
when the corpus (body of knowledge) is clean and
the stakes are low. On enterprise content, standard
RAG hits a ceiling quickly.

The reason is simple. A single retrieval pass has

no real way to recover from its own misses. If it
pulls the wrong version of a procedure, confuses
one model with its near-twin, or misses the exact
paragraph that resolves an issue, the model is
forced to answer from an incomplete or misleading
set of evidence.

Cicero’s approach to RAG is different. Its retrieval
layer behaves more like a loop than a one-shot
guess. It searches in more than one way, inspects
what it pulled back, checks whether that evidence
really supports the question, and then decides
whether to answer, retry differently, or stop short
of bluffing.

That shift matters because enterprise reliability

is not just about being fluent. It is about being
selective, self-correcting, and defensible when the
first pass is not good enough.
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The first layer:
hybrid retrieval

Sparse methods such as BM25 are good at

Wit h e nte r p ri S e exact identifiers like procedure codes, model

numbers, and part names. Dense retrieval is good
1 at semantic meaning and related phrasing. Each
CO nte nt’ n e I t h e I solves a different part of the problem.
S pa rse ret ri eva | N O r Cicero uses hybrid retrieval so exact terms and

semantic intent can reinforce each other instead of
competing. That matters when one query contains

d e N Se ret ri eva | iS both a precise identifier and a fuzzy description

of the issue. It also matters when exactness itself

enou g h on t h e| r own. carries operational risk, as it does with device

variants, policy IDs, and versioned procedures.
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User query

NX-550A pump calibration
steps for night shift

Pump Model NX-
550A manual

NX-550A
Procedure code:
PROC-2026

Sparse retrieval

Exact terms
Maintenance policy
ID:

POL-445

Equipment calibration
protocals including
NX-series models...

Operational guidelines
for night shift calibration

calibration night shift

Steps for equipment
adjustment during late
hours...

Dense retrieval
Semantic intent

General maintenance
procedures - all shifts

maintenance

Overview of scheduled
equipment checks and

service...

Hybrid result set

Merged candidates

Exact match

Pump model
NX-550A manual

NX-550A
PROC-2026

Specific calibration
steps for NX-550A

pump...

Best meaning

General maintenance
procedures - all shifts

maintenance

Best meaning
Operational
guidelines for night
shift calibration
calibration night shift

Recommended steps
for right shift
equipment calibration...

Exact match

Maintenance policy
ID: POL-445

POL-455

Exact terms and semantic intent
reinforce each other
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The practical effect is that Cicero does not This is part of what makes Cicero more resilient
have to choose between understanding what across content environments. Troubleshooting
a person means and matching the exact thing guides, medical manuals, operating procedures,
they typed. It can do both, then merge the and equipment catalogs do not all fail in the

evidence before the answer stage begins. same way, so the retriever cannot rely on one
search behavior alone.



The second and third layers: contextual
chunking and semantic reranking

Chunking sounds mechanical, but in practice it Together, contextual chunking and reranking are
shapes whether a retrieval system can actually what help Cicero surface meaning instead of
surface the answer that matters. A generic proximity. They reduce the odds that a relevant
approach slices content into token windows and answer stays buried simply because a long article
embeds them as isolated fragments. That is often or similar-looking passage crowded it out.

enough to preserve topic. It is not enough to
preserve meaning.

- . Contextual chunking
icero uses contextual chunking so a paragraph
carries some memory of the section or document it an d reran k| N g are h OW

came from. That helps the system retrieve a fix as
a fix, a superseded procedure as superseded, and

a calibration step as belonging to the right model CICG ro red uces t he ris k
and section of a larger manual.

Once the system has a candidate set, semantic t h at CorreCt answers
reranking adds another layer of discrimination. rema | N b U rled

A reranker looks again at the top results and :

scores how directly each passage answers the

user’s actual question. This helps surface the one

paragraph that resolves the problem above other
passages that are merely related to the same topic.
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O 5 The fourth and fifth layers: metadata-
aware filtering and self-assessment

In enterprise content, authority is not a cosmetic That is a meaningful difference from a naive
attribute. It is part of the answer. A current pipeline. It adds more discipline, and in some
procedure is not merely preferable to an archived cases more cost or latency, but it also reduces
one. It is the only safe answer for live use. A model- the temptation to bluff when the retrieval set is
specific instruction is not a close match to a near- not ready to support a reliable answer.

twin. It is a different operational path.

Cicero treats metadata such as version, status, Aut h @) rrty h as to S h a pe

audience, geography, and device variant as

constraints, not decoration. Those signals shape answers befo re .t h e

eligibility before the system finalizes what it will

present. That makes authority part of retrieval

logic, not just a label humans are expected to Al mOd el res po nd S,

notice after the fact. h ’ .
uman’s may miss the

The final layer is self-assessment. Before Cicero’s y

system commits to an answer, it checks whether fl ne p rl Nt

the retrieved set is strong enough to support one. 3

If the evidence is weak, conflicting, or incomplete,

the system can reformulate, search again, or avoid
overcommitting.
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Our intro blog described three quiet failures: the
outdated SOP, the wrong pump model, and the
buried fix. In technical terms, those are not random
misses. They are different retrieval failures that
need different interventions.

The outdated SOP is an authority-signal failure.
Two procedures may look semantically similar, but
only one should be eligible for current use. If the
system does not understand version and effective-
date signals, the wrong answer can rank well simply
because it sounds complete.

The wrong pump model is a disambiguation failure.
Near-twin products often live very close together
in language and meaning, but the operational
difference between them is still critical. In that
environment, “close enough” is huge risk.

The buried fix is a chunking and reranking failure.
The answer exists, but it is trapped inside a long

The three quiet failures, viewed
as technical failure modes

document and never makes it into the short list
strongly enough to be chosen. When that happens,
the model fills the gap with generic advice or
partial relevance.

Seen this way, quiet failures become diagnosable.

Once the system can
recognize which type of
failure is happening, it can
apply the right retrieval

strategy instead of treating

every miss as the same
kind of problem.
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Outdated SOP

AUTHORITY-SIGNAL FAILURE

Archived procdure outranks
the current one because
they look similar.

Cicero uses version and
effective dates as hard
rles so current wins.

S

Wrong pump model

DISAMBIGUATION FAILURE

Near-twin models sit close
together in language, so
the wrong one can win.

Cicero combines exact
identifiers and semantics
so the exact model wins.

Buries fix

CHUNKING & RERANKING FAILURE

The answer exists, but the
paragraph never reaches
the short list.

Cicero keeps fixes tied to
context and promotes the
paragraph that resolves
the isssue.
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What changes in the
flow of work?

The value of Cicero’s retrieval design is not
limited to “better search.”

Cicero excels when people need answers in
real workflows. The same retrieval spine that
helps a field engineer find the right fix can also
support coaching, onboarding, assessment,
roleplays, and knowledge transfer across the
employee lifecycle.

That broader context matters because Cicero is
not positioned as a point solution bolted onto
a content repository. It is a secure workforce
capability platform that helps organizations
turn interviews, roleplays, offboarding
conversations, and content interactions into
durable skills and knowledge.

In that context, better retrieval does more
than improve a search experience. It helps
current procedures beat archived ones, exact
models beat near-twins, and the actual fix beat
the article that only sounds related. It reduces
unnecessary escalations. It gives frontline
teams more confidence. It helps organizations
build systems people can trust in the moment
that matters.

That is the real shift. The goal is not a
smoother demo. The goal is a system that
holds up when the content is messy and the
answer carries consequences.
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What the 2026 RAG landscape demands

The RAG conversation has moved beyond any
single trick. Hybrid retrieval, contextual chunking,
reranking, metadata handling, and self-assessment
are all part of the modern toolkit. When evaluating
solutions, decision-makers must consider whether
they have been composed into a system that can
navigate the complex and often messy shape of
enterprise content.

Cicero is built to handle version drift, ambiguity,
and buried answers with a retrieval loop designed
for real operational environments. The result is a
platform that is not just impressive in a demo, but
defensible in production.
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Learn more
about Cicero

Explore how Cicero helps organizations turn

enterprise content, governance, and guardrails
into knowledge and capability people can trust
in the moments that matter.

SCHEDULE A CONVERSATION



https://cgsimmersive.com/resources/insights-and-reports/workforce-ai-for-process-excellence#marketo-form
https:/cgsimmersive.com/industries/retail-hospitality-service-training#marketo-form
https://cgsimmersive.com/resources/insights-and-reports/workforce-ai-for-process-excellence#marketo-form
https://cgsimmersive.com/resources/insights-and-reports/workforce-ai-for-process-excellence
https://cgsimmersive.com/products/cicero

